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Abstract

GreenMind, an open-source Vietnamese large language model
(LLM) finetuned by GreenNode, has become the first Viethnamese
LLM integrated into . This milestone underscores our
engineering team's R&D capabilities and commitment to sovereign
Al development
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Reward function:

Results

We fine- tune the model to focus on tasks that require generating
concise answers, which involve a step-by-step reasoning process.
Following DeepSeek-R1 we design four fundamental reward
functions.
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On the SeaExam [2] multiple-choice dataset show that our reasoning model outperforms
most Southeast Asian languages, as well as the overall average across all languages,
when compared to baseline models with significantly larger parameter sizes including
those with up to 70 billion parameters

Regarding the VMLU [3] dataset, when this research was conducted, GreenMind is the
first opensource that has best result on finetuned model. Indicating that our model
performs slightly better across most topics, including both mathematical and social
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